New strategy for bacterial species identification in Urinary Tract Infection using ‘oo
Artificial Intelligence on Ultrafast LC-MSMS-DIA runs
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/Introduction N\ Analytical workflow h
The standard pipelines to identify bacterial species in Urinary Tract Infections (UTI) require a N .
long step of bacterial culture, during this time patients receive broad- spectrum antiobiotics ’
known to increase bacterial resistance in the whole population. Our projet aims to use LC-MSMS L §
analysis to avoid the bacterial culture step. e
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Short run length assessment

Test of 3 run lengths on 4 species found in 70% of UTI (E.coli,
E.faecalis, K.pneumoniae, S.agalactiae), 285 samples.
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T while keeplng a reasonable Final accuracy 0.798 0.977 0.971 maximum of 50 samples per day. Our new strategy
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Binning size
Various binning sizes in m/z
and RT have been tested.
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Conclusion

MALDI-TOF allows a high throughput of analyses but with
a long turnaround time to get the bacterial ID. In our
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